Nearly half a century ago, young marketing faculty in business schools started to embrace sophisticated research methods, including mathematical optimization, multivariate statistics, and econometrics, to study marketing problems. At the time, the marketing discipline was considered relevant for job prospects, but teaching and practice was focused on institutional knowledge and rules of thumb. These faculty started a revolution that continues to this day to provide formal knowledge, structures for teaching and practice, and the excitement to draw the highest-caliber students to its curricula. Early efforts resulted in pioneering contributions, notably in market segmentation, media mix optimization, data-based planning, and consumer preference modeling that set in motion a new discipline, now called marketing science. New professional organizations and scholarly journals were created, specialized conferences drew progressively larger audiences, and marketing as an area of study became increasingly quantitative in nature.
consumers and markets. Increasingly, data were collected and aggregated online, but often in focused studies.
Figure 1: The evolution of data quality: From warehouse-withdrawal data via scanner data to big data And then the Big Data revolution happened. "Big" Data is often distinguished from regular "Data" by the three Vs, volume, velocity and variety. Indeed, with remarkable speed, companies and specialized data providers are able to assemble unprecedentedly large digital databases (volume) in real time or near-real-time (velocity) and with a large variety of data characteristics, including numerical, text, sound and video files (variety). Computer science contributed to the academic discipline by providing new methods to structure and store large data, new approaches to process large data, and new techniques to use large data. Analyses of consumers and markets that were once unthinkable because of their complexity, scale, and dynamics were now possible.
Much of this development was ad hoc and focused on computation rather than building on decades of consumer-and market knowledge.
Embracing the new opportunities
At the same time, these Big Data technological developments raised new opportunities for marketing intelligence development, and this is where marketing science comes in. Indeed, marketing science is ready for the Big Data revolution. Peer-reviewed solutions for marketing's major challenges are already in place, and can only get better with the advent of more and more varied data. In particular, marketing science had already made substantial advances in such fundamental areas such as consumer choice modeling, customer lifetime value modeling, newproduct demand prediction, marketing impact assessment, customized communication and promotion, and brand valuation. We refer the interested reader to an excellent overview of these contributions in The History of Marketing Science, edited by Russell Winer and Scott Neslin.
Going forward, the synergistic use of computer science and marketing science techniques offers the best avenue for knowledge development and improved applications. We have put this 
Identifying relevant choice alternatives from a consumer´s perspective
Some high-technology product categories, for example television sets and digital cameras, offer a bewildering number of choice alternatives for consumers. What's more, these offerings are subject to continuous technological innovation. How do manufacturers know which competitive products are perceived as similar -and therefore competitive -to theirs and how they should 
Filling individual shopping baskets through relevant product recommendations
In recommendation systems, in automated marketing and in customized targeting, practitioners would like to be able to use a consumer's purchase history to predict the next product the consumer will buy. In their paper "Product Recommendations Based on Latent Purchase
Motivations," Bruno Jacobs, Bas Donkers and Dennis Fok apply a method that is often used in text processing to identify, from the consumer's perspective, sets of products that tend to be purchased together. The authors' analysis with latent Dirichlet allocation (LDA) performs better than typical collaborative filters and other model benchmarks. In doing so, it holds promise for a variety of new recommendation systems to build upon the improved predictive ability. 
Benefits from complementing disciplines
One broad area of complementarity between the typical focus in statistics and computer science and that in marketing is the following. The former fields tend to focus on pattern recognition, control and prediction. Many marketing analyses embrace these directions, but also contribute by modeling structure and exploring causal relationships. Marketing has successfully combined foci from management science with foci from psychology and economics. These fields complement each other because they enable a broad spectrum of scientific approaches to provide both understanding and solutions to important and relevant problems.
We endorse, with enthusiasm, the premise that marketing should embrace data science and machine learning. We also endorse the complementarity. Data scientists and computer scientists will improve their focus and research by taking advantage of the wealth of insights provided by marketing science. Together the future is ours.
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